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Curvature FRANK: delensing template without needing curved-sky

g)oroject Q/U then Q/U-B on flat-sky - FRANK template

Q/U-B on flat-sky w/ FRANK
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Modeling non-gaussian galactic dust foregrounds

Model suggested by Andrei Frolov

I =¢€'coshp, Q= %ei sinhp, U = %ei sinh p
Identical power spectra but different

_Gaussiandusty . distribution of polarization fractions.
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SPO forecasting results (Gaussian dust)
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SPO forecasting results (Gaussian dust)
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SPO forecasting results (Gaussian dust)

Ap = 0.322+3%39

JJ‘HLL Correlation (~20%) quantified
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SPO forecasting results (Frolov dust)
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SPO forecasting results (Frolov dust)

Ap = 0.365+381

Some sensitivity to statistics of the dust model.
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SPO forecasting results (Gaussian dust & real lensing)
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Main points

e For atleast S4-deep delensing, we can build optimal lensing templates on the
flat-sky using FRANK with essentially no information loss (5min/1GPU).

e Full Bayesian sampling possible for at least S4-deep. We should strive for an
accurate full forward model (including. BICEP-like observation matrix)

e Given simple models, some evidence that dust statistics impact r constraint
for SPO (we will be checking S4-deep as well)

e There are tons of important things to explore that we don’t have the
manpower to do. We encourage others to use this approach, this code
(CMBLensing.jl), and to get in touch.
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Distribution function
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Flat-sky CMBLensing.jl + FRANK lensing template




Flat-sky CMBLensing.jl + FRANK ¢ reconstruction
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Flat-sky CMBLensing.jl + FRANK K reconstruction
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